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ABSTRACT Celebrity endorsers and digital creators provide firms with attention, identity transfer, and
access to highly segmented audiences. These benefits also create exposure to reputational shocks that
originate outside the firm. When an endorser becomes publicly controversial, sponsoring firms face a
difficult empirical problem: the incident may be irrelevant to product quality, yet consumers, investors,
and media audiences may still revise beliefs about brand judgment, governance, and cultural fit. This
study examines endorser controversy spillovers using a panel of 1,138 public controversies involving
642 endorsers and 391 publicly traded sponsoring firms from 2013 to 2024. The dataset combines
sponsorship-contract evidence, advertising exposure, social-media text, search behavior, product-review
sentiment, consumer purchase proxies, equity returns, option prices, analyst language, and brand-owner
responses. Endorser controversy severity is measured with a multimodal classifier that separates norm
violation, legal allegation, discriminatory speech, deceptive promotion, performance scandal, and political
polarization. Sponsorship exposure is measured by contract visibility, campaign recency, audience overlap,
endorser-brand fit, and creative dependence. The results show that controversy spillovers are concentrated in
high-fit, high-recency relationships where the endorser is visually or narratively central to the campaign.
A one-standard-deviation increase in sponsorship exposure predicts a 0.48% lower three-day abnormal
return and a 5.6% decline in brand-specific consumer sentiment. Firms that pause campaigns without
clarifying replacement and governance steps experience slower sentiment recovery than firms that give
precise corrective disclosures. Machine-learning tests show that exposure architecture predicts market
reaction more accurately than controversy severity alone.

I. Research Setting

Endorsement markets create reputational interdependence
between firms and public figures. A firm pays an athlete,
musician, actor, chef, online creator, or expert to transfer
attention and meaning to a product. The arrangement may be
contractual, equity-based, affiliate-based, or embedded in a
long-running creative campaign. Under ordinary conditions,
the endorser reduces search cost and helps consumers inter-
pret the brand [1]. Under controversy, the same association
can become a liability. A public accusation, offensive state-
ment, deceptive promotion, doping case, fraud charge, abuse
allegation, political provocation, or professional scandal can
make the endorser-brand link costly even when the firm did
not cause the underlying event.

This study investigates that reputational linkage empir-
ically [2]. The object is not an announcement made by
management, nor a complaint against the firm’s own ser-
vice, nor a supplier failure, nor a privacy event [3]. The
focal shock originates with an external human asset whose
symbolic value had been deliberately attached to the firm.
The market reaction depends on whether stakeholders believe
the firm merely rented attention from a public figure or made
that figure part of the brand’s identity. The distinction is
important. A brief sponsored post by a minor creator should
not produce the same reaction as a multi-year campaign
in which the endorser appears on packaging, television
advertising, in-store displays, product names, and social-
media content.
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FIGURE 1: Endorser controversy spillovers arise when a public figure shock travels through campaign exposure, sponsor association, stakeholder attention,
and market valuation.
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FIGURE 2: Sponsorship exposure architecture summarizes how visible, recent, audience-aligned, semantically matched, and creatively embedded the
endorser–brand relationship is before the controversy.

The empirical sample covers 1,138 public controversies
involving 642 endorsers and 391 publicly traded firms be-
tween 2013 and 2024 [4]. The sample includes consumer
goods, apparel, sportswear, cosmetics, food and beverage,
entertainment, health products, financial applications, travel,
gaming, household products, and technology accessories.
Events are included when three conditions are met. The
controversy must be publicly observable. The endorser-firm
relationship must be verifiable before the controversy. The
first public event date must be assignable within a two-
trading-day window. Events that coincide with earnings an-
nouncements, merger news, chief executive turnover, major
litigation unrelated to the endorser, or broad market shocks
are removed from short-window market tests.

A key feature of the design is that endorser controversy
is separated from sponsorship exposure. A severe endorser
controversy does not necessarily harm every sponsor. Some
sponsors have dormant relationships, low creative depen-
dence, or audiences that do not overlap with the controversial
figure’s audience. Other sponsors have recent, highly visi-
ble, high-fit campaigns that make detachment difficult. The
study therefore measures the structure of the endorser-brand
association before estimating consequences. This structure is
called sponsorship exposure architecture.

The sponsorship exposure architecture has five dimen-
sions. Contract visibility captures whether the relationship
was visible in advertising, packaging, media events, owned
social accounts, affiliate links, product pages, or investor
materials. Campaign recency captures how recently the en-
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FIGURE 3: Controversy classification separates event type from intensity, allowing distinct categories to feed severity, diffusion, persistence, and the final
endorser controversy severity index.
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FIGURE 4: Market-event tests align verified sponsorship exposure with the earliest observable controversy date and estimate abnormal returns, trading
response, and option-implied uncertainty.

dorser appeared in public brand material. Audience overlap
measures the similarity between the endorser’s audience
and the brand’s customer base using demographic, platform,
and interest data [5]. Endorser-brand fit measures semantic
and visual alignment between the endorser’s public persona
and the brand’s positioning. Creative dependence captures
whether the campaign can be removed without replacing core
advertising assets. These dimensions are combined into an
exposure score used in the econometric analysis.

The stakeholder outcomes include consumer social sen-
timent, search intensity, product-review language, purchase
proxies, app engagement for digital brands, analyst report
text, and media framing. The market outcomes include short-
window abnormal returns, abnormal trading volume, bid-

ask spread changes, option-implied volatility, put skew, and
analyst forecast revisions. This range of outcomes permits
the study to distinguish attention, sentiment, expected cash-
flow adjustment, and uncertainty. A controversy may create
substantial online discussion without measurable stock-price
impact, while another may produce a modest social reaction
but a clear market penalty if the endorser is central to the
firm’s growth narrative [6].

Cao and Yan (2016) [7] show that stakeholder-facing
product information can be associated with sales and stock-
market performance when the information is specific and
coherent, while greater diversity in such claims can be
negatively associated with performance. That evidence is
useful for this setting because an endorsement functions
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FIGURE 5: Multimodal stakeholder measurement converts social text, search behavior, review language, purchase proxies, app use, and analyst language
into recovery-relevant sentiment signals.
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FIGURE 6: Response specificity shapes reputational recovery by distinguishing temporary pauses from campaign removal, endorser replacement, and
governance-oriented corrective disclosure.

as a concentrated symbolic claim about the brand; when
a controversy damages that claim, stakeholders may react
more strongly if the endorser had been used consistently
and specifically rather than incidentally.

The empirical approach begins with event construction. A
controversy is classified into one primary category and up to
two secondary categories. The categories are legal allegation,
discriminatory or abusive speech, deceptive commercial con-
duct, professional-performance scandal, political polariza-
tion, personal misconduct, health or safety misinformation,
and financial misconduct. Severity is measured using media
intensity, legal status, platform spread, advertiser concern,
topic moralization, and persistence. A legal allegation that is
briefly reported and then corrected receives a lower severity

score than a multi-platform controversy with legal escalation
and continuing stakeholder discussion.

The sample has substantial variation in event origin. Some
controversies begin with formal legal filings [8]. Others
begin with investigative journalism, viral videos, leaked
messages, regulatory notices, competitor complaints, plat-
form sanctions, or self-disclosure by the endorser. The first
public disclosure date is identified from the earliest credible
public source, not from the first mainstream article. This
rule matters because many social-media controversies diffuse
before business press coverage. For market tests, the event
date is the first date on which investors could plausibly
observe the controversy.
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The study’s main empirical question is whether the market
prices endorser controversy spillover after accounting for
controversy severity and firm characteristics. A secondary
question is whether stakeholder sentiment and consumer
behavior reveal a mechanism for the market reaction. A
third question is whether firms can reduce spillover through
response specificity, campaign removal, substitution, or gov-
ernance disclosure. The analysis does not assume that all
sponsors should respond identically. A rapid termination may
be optimal when moral distance is necessary. A pause and
review may be optimal when facts are uncertain. A replace-
ment campaign may be necessary when creative dependence
is high. The paper estimates how these response strategies
relate to reputational recovery [9].

II. Data Assembly and Classification

The endorser-event database is assembled from advertising
archives, sponsorship databases, brand social-media posts,
television and video advertising repositories, affiliate dis-
closures, product pages, press releases, campaign calen-
dars, athlete and creator representation records, and media
reports. A public figure is treated as an endorser when
the relationship involves explicit paid promotion, licensing,
co-branded product development, equity-linked promotion,
affiliate marketing, or a recurring unpaid partnership that
the firm publicly amplified. Ordinary unsolicited celebrity
product use is excluded because the firm did not intentionally
create the association.

The final sample contains 1,138 controversy events. Legal
allegations account for 18.6% of events, discriminatory or
abusive speech for 17.9%, deceptive commercial conduct
for 15.2%, political polarization for 14.7%, professional-
performance scandals for 10.5%, personal misconduct for
10.2%, health or safety misinformation for 7.1%, and finan-
cial misconduct for 5.8%. Roughly 38.4% of events involve
endorsers with multiple active sponsors. About 29.6% in-
volve endorsers who appeared in campaign material within
30 days before the controversy. About 21.3% involve product
packaging, product naming, or long-form creative integra-
tion, which makes immediate removal costly.

The firm panel contains 391 publicly traded sponsors.
Sponsoring firms vary in dependence on endorsement adver-
tising. Apparel, cosmetics, sportswear, beverages, gaming,
and consumer health brands are highly represented because
they use endorsers frequently. Technology and financial-
application firms appear mainly through creator campaigns,
athlete partnerships, and trust-building endorsements. For
multi-brand corporations, the analysis links the endorser to
the relevant brand and then maps that brand to the public
parent. Brand-level stakeholder outcomes are used when
available; firm-level market outcomes are used for stock and
option analysis.

The sponsorship exposure score is constructed before the
controversy. The score is defined as:

SEAife = ω1V isibilityife + ω2Recencyife

+ ω3Overlapife + ω4Fitife

+ ω5Dependenceife,
5∑

k=1

ωk = 1. (1)

Here, i indexes the sponsoring firm, f the endorser, and
e the event. The weights are obtained from the first princi-
pal component of the standardized inputs. The component
explains 63.7% of the variance. The loading is 0.46 for
visibility, 0.44 for recency, 0.39 for audience overlap, 0.42
for endorser-brand fit, and 0.50 for creative dependence.
Equal-weighted versions are used in robustness tests and
yield similar results.

Visibility is coded from observed campaign placement. A
campaign receives high visibility if the endorser appears in
paid national advertising, packaging, in-store displays, front-
page product pages, pinned brand posts, or high-frequency
digital placements. Medium visibility includes sponsored so-
cial posts, event appearances, and limited digital campaigns.
Low visibility includes affiliate links, small creator posts,
or dormant sponsorship pages. Recency is measured by the
number of days between the last observed brand-endorser
appearance and the controversy. The recency score decays
exponentially so that appearances within the last 14 days
receive much larger weight than appearances several months
earlier.

Audience overlap is estimated using platform-level fol-
lower demographics, brand customer profiles, interest cate-
gories, geography, and content themes. For each endorser-
brand pair, the overlap measure is:

Overlapif =
A′

iAf

∥Ai∥∥Af∥
,

Ai = (agei, genderi, geoi, interesti,

platformi, categoryi). (2)

The vector Ai represents the brand’s audience distribution,
and Af represents the endorser’s audience. The cosine sim-
ilarity captures whether the controversy is likely to reach
relevant customers. A scandal involving a creator whose
audience has little overlap with the brand’s buyer base should
have weaker demand consequences than a scandal involving
a central endorser whose audience is the target customer.

Endorser-brand fit is measured using text and image
embeddings. Text embeddings compare brand positioning
language with endorser biography, posts, interview content,
and campaign copy [10]. Image embeddings compare visual
style, color palette, setting, activity, and object associations.
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A high-fit relationship means that the endorser is not merely
a paid attention source but a meaningful signal of the brand’s
identity. Fit is useful before controversy because it predicts
how difficult it is for stakeholders to mentally separate the
firm from the endorser.

Creative dependence measures removability [11]. A cam-
paign has high creative dependence when the endorser ap-
pears in product names, product packaging, seasonal cam-
paign assets, long-form television or video ads, influencer
series, retail displays, or embedded digital content. It has low
dependence when the endorser appears in a standalone post
or an easily removable paid placement. The measure matters
because high-dependence campaigns impose practical costs
of withdrawal and make the association visible for longer
after the controversy.

Endorser controversy severity is estimated using a separate
model. The model combines the nature of the allegation,
legal status, moral intensity, media spread, platform persis-
tence, and topic polarization. Severity is not mechanically
equivalent to public volume because some high-volume
political controversies are polarized rather than uniformly
negative. The severity index is:

ECSfe = λ1Legalfe + λ2Moralfe

+ λ3Spreadfe + λ4Persistencefe

+ λ5ConsensusNegfe. (3)

Consensus negativity measures whether stakeholder dis-
cussion is broadly unfavorable rather than divided along po-
litical or fan-community lines. This distinction is important.
A polarizing statement may produce intense attention but
not uniform consumer rejection. A deceptive promotion or
confirmed legal wrongdoing may produce broader negative
consensus. The classifier uses labeled social text, news fram-
ing, platform comments, and advertiser-response language.
The holdout F1 score for controversy category is 0.826,
and the severity model’s rank correlation with human expert
severity ratings is 0.78.

The firm response variables are coded within ten trad-
ing days after the controversy. The categories include no
response, campaign pause, endorser termination, factual re-
view, replacement campaign, apology for association, gov-
ernance disclosure, and contract-review announcement. Re-
sponse specificity is measured separately. A specific response
identifies the affected campaign, clarifies current status,
explains decision criteria, describes replacement or review
steps, and states whether future endorsement governance
will change. A vague response expresses concern without
clarifying what will happen to the campaign or contract.

Stakeholder sentiment is measured at the brand level.
The sentiment model uses consumer social posts, product-
review text, video comments, search snippets, forum discus-

sions, and app-store reviews when relevant. It distinguishes
endorser-directed sentiment from brand-directed sentiment.
This is essential because a controversy can generate anger
at the endorser while leaving the brand unaffected. The brand
contamination score is the share of stakeholder text that
links the controversy to the sponsor, the brand, a product,
or perceived judgment by the firm.

The brand contamination score is:

BCSift =

∑
m∈Mift

qmLinkmifNegm∑
m∈Mift

qm
,

qm = Credibilitym ×Reachm. (4)

Here, m denotes a stakeholder text item, Linkmif indi-
cates that the text connects the endorser controversy to the
firm or brand, Negm is negative sentiment, and qm weights
the item by credibility and reach. The measure is computed
weekly from four weeks before the controversy to twelve
weeks after it.

The financial market variables include cumulative abnor-
mal returns, abnormal volume, implied volatility, put skew,
bid-ask spreads, analyst forecast revisions, and analyst report
language. The main abnormal-return window is day minus
one through day plus one. Expected returns are estimated
with a five-factor model and momentum over trading days
minus 260 through minus 31. Option variables are measured
for firms with sufficiently liquid options. Analyst forecast
revisions are observed over 30 trading days.

The return equation used for construction is:

ARit = Rit − α̂i − β̂m,iMKTt

− β̂s,iSMBt − β̂h,iHMLt

− β̂r,iRMWt − β̂c,iCMAt

− β̂u,iUMDt,

CARie =

1∑
τ=−1

ARi,e+τ . (5)

Murshed et al. (2023) [12] show that perceptions of ethical
corporate social responsibility and interactional justice can
jointly shape organizational identification and job satisfac-
tion. In this study, that logic is adapted to external audiences:
controversy spillover becomes more severe when consumers
interpret the sponsor’s association as inconsistent with fair,
ethical, or respectful conduct expected from the brand.

III. Modeling Approach

The empirical design proceeds in stages. The first stage
estimates the average abnormal market reaction to endorser
controversies. The second stage tests whether sponsorship
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exposure architecture explains cross-sectional variation be-
yond controversy severity. The third stage links stakeholder
sentiment to market reactions. The fourth stage examines
firm response strategies and recovery. The fifth stage uses
machine learning to identify nonlinear heterogeneity and
improve prediction [13].

The baseline market model is:

CARife = αi + λt + β1SEAife

+ β2ECSfe + β3SEAifeECSfe

+ Γ′Xife + εife. (6)

The dependent variable is the three-day abnormal return
of sponsoring firm i around controversy event e involving
endorser f . The coefficient β1 captures the effect of exposure
architecture when severity is at its mean. The coefficient β2

captures controversy severity independent of the sponsorship
structure. The interaction β3 tests whether severe contro-
versies become more damaging when the endorser-brand
relationship is highly exposed. Firm fixed effects absorb
stable differences in brand portfolio, advertising strategy,
and investor base. Calendar-month fixed effects absorb broad
market and cultural conditions.

The control vector contains firm size, leverage, advertising
intensity, gross margin, revenue growth, prior stock return,
volatility, analyst coverage, institutional ownership, industry,
campaign category, endorser fame, number of concurrent
sponsors, and media intensity. Endorser fame is included
because famous endorsers generate more attention. Media
intensity is included because severe controversies may be
widely reported. The exposure score remains meaningful
only if it predicts sponsor reaction after these attention
controls [14].

A separate option-market model estimates uncertainty
reaction:

∆IVife = αi + λt + θ1SEAife

+ θ2ECSfe + θ3ResponseDelayife

+Θ′Xife + uife. (7)

The dependent variable is the change in 30-day implied
volatility relative to industry and market volatility. The model
includes response delay because uncertainty may rise when
the sponsor waits to clarify whether the campaign will
continue. A delayed response may be appropriate when facts
are uncertain, but option markets may still price ambiguity.

The stakeholder model uses local projections:

BCSif,e+h −BCSif,e−1 = ah + δhSEAife

+ ϕhECSfe +Ψ′
hZife + ηif,e+h.

(8)

The coefficients δh trace how brand contamination
changes over the weeks after a controversy. The model is
estimated for horizons from one to twelve weeks. It is also
estimated by controversy category. Some controversies create
immediate but short-lived contamination, while others create
slower and more persistent discussion. Local projections are
better suited than one pooled post-event average because
stakeholder attention decays at different rates.

Consumer purchase proxies are modeled with matched
differences. For brand categories with weekly sales, web
conversion, store traffic, or app engagement proxies, exposed
brands are matched with nonexposed brands in the same
parent firm or product category. The model estimates:

Demandbt = αb + λt +

10∑
h=−4

ρhEventb,t+h

+Π′Controlsbt + ξbt. (9)

This model uses brand fixed effects and week fixed effects.
It is estimated only when the endorser was tied to a brand for
which demand proxies are available. The demand analysis is
therefore smaller than the market-reaction analysis but more
direct about stakeholder behavior.

Response strategy is modeled in two ways [15]. First,
response categories are included as moderators in post-event
recovery models. Second, response choice is adjusted using
propensity scores because firms do not randomly terminate,
pause, or retain endorsers. The propensity model predicts
response type using controversy severity, legal uncertainty,
contract recency, creative dependence, endorser fame, prior
brand sentiment, and firm legal risk. Inverse probability
weighting is then used for recovery models.

The recovery equation is:

RecoveryWeeksife = α+ ρ1SpecificResponseife

+ ρ2Terminationife + ρ3Pauseife

+ ρ4Replacementife +Ω′Vife + ζife.
(10)

Recovery weeks measure the number of weeks until the
brand contamination score returns to within 10% of its pre-
event baseline for four consecutive weeks. Events without
recovery within 16 weeks are censored. The model is es-
timated as an accelerated failure-time model and as a Cox
proportional hazards model. The text presents the accelerated
failure-time results because the time-ratio interpretation is
more intuitive.

Double machine learning estimates the effect of high ex-
posure. High exposure is defined as being in the top quartile
of the sponsorship exposure architecture score. The outcomes
are abnormal return, brand contamination, purchase proxy
change, and implied-volatility change [16]. The nuisance
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functions are estimated with gradient boosting and elastic
net models, cross-fitted by sponsoring firm.

The orthogonal score is:

Ỹife = Yife − m̂(Wife),

D̃ife = Dife − ĝ(Wife),

τ̂ =

∑
i,f,e D̃ifeỸife∑

i,f,e D̃
2
ife

. (11)

The covariate vector includes firm financials, endorser
fame, controversy category, severity, media intensity, cam-
paign age, industry, prior sentiment, advertising intensity,
and platform mix. The objective is not to claim random
assignment of exposure but to reduce functional-form de-
pendence and adjust flexibly for observable confounders.

Causal forests estimate heterogeneous spillover effects.
The treatment is high sponsorship exposure. Candidate
moderators include endorser-brand fit, creative dependence,
audience overlap, controversy category, consensus negativity,
brand age, firm advertising intensity, product involvement,
consumer switching cost, and response specificity. The het-
erogeneous effect is:

Yife = m(Wife) + τ(Wife)Dife + ϵife,

τ(Wife) = E[Y (1)− Y (0) | Wife]. (12)

The causal forest is used to identify where controversy
spillover is most severe. The estimates are interpreted as
conditional adjusted differences, not randomized treatment
effects. The endorser-brand relationship is a managerial
choice, and firms selecting high-profile endorsers may differ
from other firms. Firm fixed effects and machine-learning
adjustment reduce this concern but cannot eliminate it en-
tirely [17].

Several robustness procedures are used. The analysis re-
moves events with uncertain dates, events involving multiple
endorsers at the same firm, and events in which the firm
had already ended the endorsement before controversy. It
re-estimates models using only high-confidence contracts,
only national campaigns, and only events verified by at
least two independent sources. It also conducts placebo tests
using noncontroversial endorser news and randomly assigned
sponsor-endorsers from the same industry.

IV. Market Reaction Results

The average three-day abnormal return for sponsoring firms
around endorser controversies is minus 0.29%. The mean
masks strong variation. Low-exposure sponsors have an
average abnormal return of minus 0.06%, while top-quartile
exposure sponsors have an average abnormal return of minus
0.81%. The median reaction for top-quartile exposure is

minus 0.54%, indicating that the effect is not driven solely
by a few extreme events. The left tail is nevertheless impor-
tant: the 10th percentile abnormal return for high-exposure
sponsors is minus 2.74%.

The baseline regression shows that sponsorship exposure
architecture is a significant predictor of abnormal returns.
A one-standard-deviation increase in exposure predicts a
0.48% lower three-day abnormal return after controlling
for controversy severity, firm characteristics, endorser fame,
media intensity, and fixed effects. Controversy severity also
predicts returns, but its coefficient falls substantially after
exposure architecture is included. This indicates that severity
alone is not enough. A severe controversy attached to a weak
or dormant sponsorship has limited sponsor impact, while
a moderate controversy attached to a central campaign can
produce a measurable market reaction.

The interaction between exposure and severity is negative
and significant. High exposure increases the market penalty
most when controversy severity is above the median. For
low-severity events, moving from the 25th to the 75th
percentile of exposure reduces abnormal returns by 0.22
percentage points. For high-severity events, the same expo-
sure movement reduces abnormal returns by 0.91 percentage
points. This pattern supports the view that controversy and
sponsorship architecture are complements in producing rep-
utational spillover.

Event categories differ sharply. Legal allegations produce
the largest sponsor penalties, with high-exposure sponsors
losing 1.34% on average. Discriminatory or abusive speech
produces a high-exposure penalty of 1.08%. Deceptive com-
mercial conduct produces 0.96%. Health or safety misin-
formation produces 0.83%. Financial misconduct produces
0.72%. Political polarization produces a smaller average
penalty of 0.31%, but the dispersion is high because some
brands gain sentiment among one audience while losing
among another. Professional-performance scandals produce
modest market reactions unless the sponsor is a performance-
related brand.

Consensus negativity moderates the result. Political con-
troversies with polarized reactions generate smaller aver-
age stock penalties than controversies with broad negative
consensus [18]. When consensus negativity is high, a one-
standard-deviation increase in exposure predicts a 0.63%
lower abnormal return. When consensus negativity is low, the
coefficient is 0.19% and statistically weaker. Markets appear
to distinguish controversy that alienates a broad customer
base from controversy that divides audiences.

Creative dependence is the strongest single component of
exposure. Campaigns involving product packaging, product
names, or long-form creative integration produce larger
penalties than ordinary social-media sponsorships. A high-
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dependence campaign has an average abnormal return of
minus 1.11% after severe controversy, compared with minus
0.38% for low-dependence campaigns. The effect is not only
reputational. High dependence implies replacement costs,
wasted advertising assets, retail execution problems, and
slower dissociation.

Audience overlap also matters. If the endorser’s audience
closely matches the brand’s customers, the market penalty
is larger [19] [20]. A controversy involving an endorser
whose audience is peripheral to the brand produces limited
reaction even when the controversy is widely covered. This
finding is important because endorser fame alone does not
determine sponsor exposure. A highly famous endorser can
be financially irrelevant to a sponsor if the relationship is
old, low-fit, and weakly connected to the brand’s customer
base.

The option-market evidence shows an uncertainty channel.
Thirty-day implied volatility rises by 1.92% after average
endorser controversies and by 4.87% for high-exposure se-
vere controversies. Put skew rises by 2.18% in high-exposure
severe events. Option reactions are larger when the firm
delays response or when the campaign is creatively difficult
to remove. The option results suggest that investors price un-
certainty about customer reaction, legal exposure, campaign
replacement cost, and management response quality.

Abnormal trading volume increases by 14.6% around
sponsor-linked controversies and by 31.8% for high-exposure
events. Bid-ask spreads widen by 2.4 basis points on average
and by 6.1 basis points for high-exposure severe events.
These market microstructure patterns indicate disagreement
and rapid information processing. Investors appear to differ
on whether the controversy will materially affect demand or
fade as ordinary celebrity news.

Analyst reactions are smaller than equity and option reac-
tions but directionally consistent. In the 30 trading days after
high-exposure severe controversies, analysts reduce next-
year revenue forecasts by 0.17% and selling-efficiency as-
sumptions by 0.24 percentage points. Analyst notes mention
campaign disruption, brand risk, replacement cost, or con-
sumer backlash in 33.5% of high-exposure events, compared
with 8.9% of low-exposure events. Analysts are more likely
to revise forecasts when the endorser is linked to a product
launch or a major seasonal campaign [21].

The results vary by likely to revise forecasts when the
endorser is linked to a product launch or a major seasonal
campaign.

The results vary by industry. Sportswear, cosmetics, bever-
ages, gaming, and consumer health show the largest market
penalties. These sectors rely heavily on symbolic fit, trust,
aspiration, or identity-based advertising. Household goods

and general retail show weaker reactions unless the endorser
appears on packaging or in a major campaign. Financial ap-
plications and health-related brands show strong penalties for
deceptive conduct and misinformation controversies because
trust is central to the category [22]. Technology accessories
show moderate reactions, mostly when the endorser is part
of launch advertising.

The double machine-learning estimate for high exposure
is minus 0.74% for three-day abnormal returns. The esti-
mate is close to the fixed-effect estimate for top-quartile
exposure. The implied-volatility effect is 3.96%. The brand
contamination effect is 0.42 standard deviations [23]. The
purchase-proxy effect for brands with available data is minus
1.3% over four weeks. These estimates remain stable across
nuisance models. The consistency supports the main result
that exposure architecture predicts sponsor consequences
beyond controversy severity.

A falsification test uses noncontroversial endorser news,
such as awards, performance milestones, public appearances,
and neutral career announcements. These events generate
higher attention but do not produce negative sponsor ab-
normal returns. A positive endorser news sample produces
small positive sentiment changes but weak stock effects. This
reduces concern that the main results are merely caused by
endorser visibility or media volume.

Another falsification test assigns controversial endorsers
to non-sponsor firms in the same industry with similar
advertising intensity. The placebo sponsor abnormal return is
close to zero [24]. Placebo brand contamination also remains
low. This suggests that the sponsor-specific relationship, not
only industry-level controversy attention, drives the observed
reactions.

Cao and Xu (2022) [25] find that CEO narcissism can
influence brand acquisition and disposal behavior and that
brand asset overvaluation can mediate abnormal returns
around brand transactions. The present evidence is related
because endorser contracts are also symbolic market assets
whose value depends on managerial judgment; when an
endorser controversy occurs, investors appear to reassess
whether management selected and governed the symbolic
asset prudently.

V. Stakeholder Reaction and Demand Evidence

Stakeholder reaction begins quickly [26]. Brand contamina-
tion rises in the first week after controversy, peaks around
week two, and decays gradually for most events. The average
brand contamination score rises by 0.21 standard deviations
after all controversies. For high-exposure severe controver-
sies, the increase is 0.74 standard deviations [27]. The effect
remains above baseline for eight weeks in legal allegation
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V STAKEHOLDER REACTION AND DEMAND EVIDENCE
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FIGURE 7: Abnormal returns deepen as sponsorship exposure intensifies.
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FIGURE 8: Legal, speech, and deceptive events show larger penalties.

and discriminatory speech events. Deceptive commercial
conduct creates a faster spike but also a faster decline when
firms provide refunds, corrections, or campaign removal.

Consumer sentiment toward the sponsoring brand declines
by 3.2% after average controversies and by 5.6% after high-
exposure severe controversies. The decline is strongest when
the endorser-brand fit was high before the controversy. This
finding indicates that fit is double-edged. Before controversy,
fit helps the endorser transfer positive meaning. After con-
troversy, fit makes the negative association harder to isolate.
Low-fit endorsements are less effective as brand meaning
devices but also less risky.

Search behavior shows active stakeholder linking [28].
Searches combining the sponsor name and the endorser name
increase by 44.9% in the first week after high-exposure
controversies. Searches combining the sponsor name with
boycott, cancel, apology, terminate, or replacement rise by
21.7%. These search effects are strongest when the endorser
appeared in recent campaigns. Dormant relationships gen-
erate less search linkage [29]. The evidence suggests that

stakeholders actively investigate whether the sponsor remains
connected to the endorser.

Product-review text changes in categories with brand-
level review data. Mentions of the endorser controversy
appear in 2.8% of new reviews during the first four weeks
after high-exposure events, rising to 7.4% for legal allega-
tion and discriminatory speech controversies. Average rating
among controversy-linked reviews is 1.9 stars, compared
with 4.1 stars for other reviews in the same period. However,
controversy-linked reviews are a small share of total reviews
for most brands. The reputational effect is therefore visible
but not universally dominant.

Demand proxies show modest but measurable declines
for high-exposure brands. In categories with weekly sales,
web conversion, store traffic, or app engagement proxies,
high-exposure severe controversies are associated with a
1.3% decline over four weeks relative to matched brands.
The decline is 2.2% in cosmetics and sportswear, 1.7% in
beverages, 1.5% in consumer health, and statistically weak
in general retail. Demand effects are larger when consumer

10



V STAKEHOLDER REACTION AND DEMAND EVIDENCE

TABLE 1: Sample Composition by Controversy Category

Category Share (%) Events Avg. Severity

Legal Allegation 18.6 212 0.71
Discriminatory Speech 17.9 204 0.68
Deceptive Conduct 15.2 173 0.66
Political Polarization 14.7 167 0.59
Performance Scandal 10.5 119 0.55
Personal Misconduct 10.2 116 0.57
Health Misinformation 7.1 81 0.64
Financial Misconduct 5.8 66 0.69

TABLE 2: Sponsorship Exposure Components

Component Loading Mean Std. Dev.

Visibility 0.46 0.52 0.21
Recency 0.44 0.48 0.25
Audience Overlap 0.39 0.41 0.19
Brand Fit 0.42 0.47 0.22
Creative Dependence 0.50 0.55 0.24

TABLE 3: Market Reaction by Exposure Level

Exposure Group Mean CAR (%) Median (%) 10th Percentile

Low Exposure -0.06 -0.02 -0.91
Medium Exposure -0.29 -0.18 -1.67
High Exposure -0.81 -0.54 -2.74
Full Sample -0.29 -0.21 -1.88

TABLE 4: Baseline Regression Results

Variable Coefficient Std. Error Significance

Exposure Score -0.0048 0.0012 ***
Severity -0.0021 0.0009 **
Exposure × Severity -0.0035 0.0011 ***
Firm Controls Yes – –
Fixed Effects Yes – –

sentiment decline and search boycott intensity are both high.
The evidence indicates that market penalties are not solely
symbolic; they correspond to short-run stakeholder behavior
in some categories.

Purchase effects are asymmetric by controversy type.
Deceptive commercial conduct by the endorser produces
demand declines when the sponsorship involved product
recommendation, claims, or affiliate codes. Legal allega-
tions and discriminatory speech produce broader sentiment
decline but not always immediate purchase decline. Polit-
ical polarization creates offsetting demand changes across
audience segments, with some brands experiencing local-
ized gains and losses. Professional-performance scandals
affect performance-related categories more than lifestyle
categories. These patterns support a mechanism based on

perceived relevance of the controversy to the product rela-
tionship.

Response strategy affects sentiment recovery. Firms that
provide specific responses recover faster than firms that
remain silent or issue vague concern statements. A specific
response reduces median brand-contamination recovery time
by 28.4%. Campaign termination reduces contamination
faster only when the controversy has high consensus neg-
ativity. For polarized controversies, termination sometimes
prolongs attention by turning the firm response into a second
controversy. Campaign pause without clear review criteria
is associated with slower recovery because stakeholders
continue to ask whether the relationship remains active.

Replacement campaigns help when creative dependence
is high. For campaigns built around the endorser, simply
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V STAKEHOLDER REACTION AND DEMAND EVIDENCE

TABLE 5: Option Market Reaction

Variable ∆ IV (%) Put Skew (%) Volume Change (%)

Average Event 1.92 0.84 14.6
High Exposure 4.87 2.18 31.8
Low Exposure 0.73 0.21 6.2
Delayed Response 3.11 1.44 19.5

TABLE 6: Stakeholder Sentiment and Contamination

Metric Full Sample High Exposure Low Exposure

Sentiment Change (%) -3.2 -5.6 -1.1
Contamination (Std.) 0.21 0.74 0.08
Search Increase (%) 18.3 44.9 9.7
Review Mentions (%) 2.1 7.4 0.6

TABLE 7: Demand Effects by Category

Category Demand Change (%) Sentiment Drop (%) Recovery Weeks

Cosmetics -2.2 -6.1 7.4
Sportswear -2.2 -5.8 6.9
Beverages -1.7 -4.9 6.2
Consumer Health -1.5 -5.3 8.1
Retail -0.6 -2.4 5.5

TABLE 8: Response Strategy and Recovery

Response Type Recovery Time (Weeks) IV Change Sentiment Recovery

Specific Disclosure 5.2 1.8 Fast
Termination 6.1 2.4 Moderate
Pause 7.8 3.1 Slow
Replacement Campaign 5.6 2.0 Fast
No Response 8.3 3.5 Slow

removing the public figure leaves empty advertising space,
broken product pages, delayed launches, or repeated media
discussion. Brands that introduce replacement creative within
four weeks experience faster sentiment normalization and
smaller demand declines. The replacement effect is strongest
in seasonal consumer categories. It is weaker for long-term
co-branded products, where replacement is difficult because
the endorser is part of the product concept.

Vague apologies do not predict faster recovery after con-
trols. Apology language is correlated with severity, which
makes simple comparisons misleading. After controlling
for severity and exposure, the important response elements
are campaign-status clarity, corrective action, governance
disclosure, and replacement plan. A statement expressing
disappointment without clarifying contract status has little
measurable effect. Stakeholders appear to require infor-
mation that reduces uncertainty about the brand-endorser
connection.

Firm silence has mixed consequences. Silence is not al-
ways harmful. When exposure is low, silence often allows the
controversy to remain endorser-centered rather than sponsor-
centered. When exposure is high, silence is associated with
higher brand contamination and higher implied volatility.
This difference suggests that response decisions should be
conditioned on exposure architecture. A sponsor cannot
remain silent effectively when the endorser is on packaging,
in major paid media, or tied to a current campaign.

The persistence of stakeholder reaction differs from the
persistence of market reaction [30]. Stock prices react
quickly, while sentiment and search behavior can persist
for weeks [31]. Some firms experience sentiment recovery
without stock-price rebound because investors continue to
price replacement cost or category risk. Others experience
stock recovery while social discussion remains elevated
because investors view consumer backlash as temporary. The
separation of financial and stakeholder timelines is important
for understanding reputational shocks.
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VI MACHINE LEARNING AND HETEROGENEITY

TABLE 9: Machine Learning Model Performance

Model AUC MSE Reduction (%) Key Features

Baseline 0.663 – Severity, Fame
+ Exposure 0.782 18.9 Dependence, Overlap
Full Model 0.811 24.3 Sentiment, Response
Random Forest 0.804 22.7 Mixed
Boosted Trees 0.811 24.3 Mixed

TABLE 10: Heterogeneous Effects (Causal Forest)

Quintile CAR Effect (%) Contamination IV Change (%)

Lowest Risk -0.09 0.05 0.8
Q2 -0.21 0.12 1.4
Q3 -0.48 0.29 2.3
Q4 -0.97 0.51 3.2
Highest Risk -1.86 0.88 4.9
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FIGURE 9: Exposure penalties amplify under higher controversy severity.

Cao (2022) [32] shows that brand equity can affect firm
value through warranty claim and abnormal warranty accrual
channels, demonstrating that marketing assets can influence
valuation through cost control as well as demand. In the
endorsement setting, controversy spillover similarly affects
valuation through multiple channels: demand softness, ad-
vertising replacement cost, contract termination cost, legal
review, and monitoring of future endorser risk.

VI. Machine Learning and Heterogeneity

The predictive machine-learning analysis evaluates whether
sponsor reactions can be anticipated from pre-event and
event-day variables. The outcome is whether the sponsor ex-
periences a three-day abnormal return below minus 1%. The
baseline model includes controversy severity, endorser fame,
media intensity, and firm financial controls. The exposure-
architecture model adds visibility, recency, audience overlap,
fit, creative dependence, and response timing when available.

The full model adds stakeholder pre-sentiment, category
involvement, option liquidity, and platform spread.

The baseline model achieves an out-of-sample area under
the curve of 0.663. Adding exposure architecture raises
the area under the curve to 0.782. The full model reaches
0.811. For continuous abnormal return prediction, exposure
architecture reduces mean squared prediction error by 18.9%
relative to the baseline. The largest improvement comes
from creative dependence and audience overlap. Controversy
severity remains important, but it is not enough to predict
sponsor loss.

Variable importance is consistent across gradient-boosted
trees, random forests, and neural additive models. The lead-
ing predictors are creative dependence, consensus negativity,
campaign recency, audience overlap, legal-status severity,
brand category, response delay, and prior brand sentiment.
Endorser follower count ranks below these variables. This
is important because managerial attention often focuses on
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VI MACHINE LEARNING AND HETEROGENEITY

Sentiment Name search Action search Demand

0

20

40

Û Stakeholder signals

−5.6

44.9

21.7

−1.3

Stakeholder signal

C
ha

ng
e

(%
)

FIGURE 10: Search linkage rises while sentiment and demand fall.
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FIGURE 11: Exposure architecture materially improves market-loss prediction.

endorser fame. The evidence suggests that fame is less in-
formative than the structure of the endorsement relationship.

The causal forest estimates show strong heterogeneity. In
the highest vulnerability quintile, high sponsorship exposure
reduces abnormal returns by 1.86%. These cases combine
recent campaign use, high creative dependence, high fit,
high audience overlap, and high consensus negativity [33].
In the lowest vulnerability quintile, the estimated effect is
minus 0.09% and not statistically significant. The difference
between quintiles is large and stable across random forest
specifications.

The stakeholder contamination forest produces similar
but not identical heterogeneity. The strongest contamination
occurs when high audience overlap, high fit, and high con-
troversy moralization coincide. Creative dependence matters
less for sentiment than for market reaction. This difference
is sensible. Consumers need to recognize the endorser-brand
link, but investors additionally price the cost of replacing cre-
ative assets. Thus, the market and stakeholder models share
some moderators but differ in operational cost sensitivity.

Political polarization events display the most complex het-
erogeneity. In low-consensus controversies, some sponsors
experience negative sentiment among one consumer group
and positive sentiment among another. The average effect
is small because opposing reactions offset each other. The
causal forest identifies brands with broad mainstream posi-
tioning as more vulnerable to polarizing endorser behavior
than brands with niche or culturally aligned audiences. For
mainstream brands, political controversy creates customer-
base fragmentation risk. For niche brands, the same contro-
versy may be less damaging or even reinforcing.

Deceptive commercial conduct shows a different pattern.
Spillover is severe when the endorser promoted the sponsor’s
product using performance claims, discount codes, financial
claims, health claims, or personal-use testimonials. If the
deception is unrelated to the sponsor’s product, the spillover
is smaller. This finding supports a relevance mechanism.
Stakeholders punish the sponsor most when the endorser’s
credibility was directly used to persuade consumers about
the product.
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FIGURE 12: Causal-forest strata reveal concentrated downside risk.
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FIGURE 13: Analyst language and advertising spend reflect replacement costs.

Legal allegations have the largest uncertainty effects.
Option-implied volatility rises more for legal allegations than
for speech controversies with similar sentiment effects. The
reason appears to be ambiguity about future information,
contract obligations, and consumer response. Legal alle-
gations often unfold over time, and sponsors may delay
action until facts become clearer. Option markets price that
uncertainty even when immediate sentiment is not yet fully
negative.

Response-specific heterogeneity is also clear. Termination
is most effective for high-consensus negative events and
low creative dependence. It is less effective when creative
dependence is high because replacement costs remain. Pause-
and-review is most effective when legal facts are uncertain
and consensus negativity is moderate. Governance disclo-
sure is most effective after deceptive commercial conduct
because it reassures stakeholders that endorsement screening
and claim review will change. Replacement campaigns are
most effective in seasonal categories with high advertising
cadence.

A policy-learning exercise estimates expected recovery
under alternative response strategies. For high-consensus
legal or discriminatory controversies, predicted brand con-
tamination after six weeks is lowest under termination plus
replacement campaign. For uncertain legal allegations with
moderate exposure, predicted contamination is lowest under
pause plus factual review disclosure. For low-exposure con-
troversies, no response or minimal clarification often avoids
sponsor-centered attention. This simulation is descriptive and
model-based, not a prescriptive rule, but it illustrates the
value of conditioning response on exposure architecture.

The machine-learning analysis also identifies false posi-
tives. Some high-exposure sponsors avoid negative reactions
because the endorser’s fan community defends the sponsor,
because the brand’s audience is culturally aligned with the
endorser, or because the firm had already reduced campaign
visibility before the controversy. False negatives often in-
volve hidden contracts or affiliate relationships not captured
in public data. These cases indicate that exposure measure-
ment remains imperfect, especially in influencer marketing
where relationships can be informal or poorly disclosed.
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VII ROBUSTNESS AND ADDITIONAL EVIDENCE

The strongest conclusion from the machine-learning sec-
tion is that endorser controversy spillover is predictable
only when models understand the endorsement relationship.
A model that sees controversy severity but not campaign
architecture mistakes public attention for sponsor exposure.
A model that sees sponsorship exposure but not consensus
negativity mistakes ordinary partnership for reputational risk.
The spillover mechanism depends on the intersection of
controversy type, stakeholder interpretation, and campaign
structure.

VII. Robustness and Additional Evidence

The first robustness test changes the event window. The
two-day abnormal return window produces a high-exposure
penalty of minus 0.63%. The three-day window produces
minus 0.81%. The five-day window produces minus 0.93%.
The eleven-day window produces minus 1.02% but includes
more confounding news. The growing magnitude in longer
windows is consistent with gradual diffusion from social
media to business press and investor interpretation.

The second robustness test uses alternative expected-return
models. Market-adjusted returns, industry-adjusted returns, a
four-factor model, and a five-factor model with momentum
all produce negative exposure coefficients. The coefficient
on sponsorship exposure ranges from minus 0.41% to minus
0.53% per standard deviation. The preferred model produces
minus 0.48%. The result is not sensitive to the asset-pricing
benchmark.

The third test restricts the sample to high-confidence spon-
sorships with contract evidence or repeated official brand
amplification. The sample falls from 1,138 controversies
to 742. The exposure coefficient becomes larger, at minus
0.57% per standard deviation. This pattern is consistent
with measurement error in the broader sample, where some
weaker relationships dilute the estimated effect.

The fourth test removes endorsers with more than five
simultaneous sponsors. Highly sponsored endorsers may
spread reputational damage across many firms, making firm-
specific exposure harder to identify. Removing them leaves
the main coefficient nearly unchanged. When simultaneous
sponsors remain in the sample, exposure architecture ex-
plains which sponsors are penalized more. The market does
not punish all sponsors equally simply because they share
an endorser.

The fifth test examines dormant endorsements. Relation-
ships with no observed campaign activity in the six months
before controversy produce no significant abnormal returns,
even when the formal contract may still exist. This supports
the recency component of exposure architecture. Stakehold-

ers react to visible association, not to obscure historical
contracts.

The sixth test estimates within-firm models for firms
with multiple endorser events. This specification compares
different endorser controversies within the same sponsoring
firm. The exposure coefficient remains negative. This reduces
concern that the result is caused by stable differences be-
tween firms that choose endorsers and firms that do not.
Within the same firm, highly exposed endorser relationships
create larger penalties than low-exposure relationships [34].

The seventh test examines endorser death or illness events
as non-culpable shocks. These events create attention and
sometimes campaign disruption, but they do not create the
same negative sentiment [35]. Market reactions are small
and sometimes positive when memorial campaigns preserve
brand goodwill. This comparison supports the reputational
interpretation. The penalty is not caused solely by un-
expected endorser unavailability; it is caused by negative
stakeholder evaluation of the association.

The eighth test separates firm response timing from re-
sponse content. Quick responses are not uniformly bene-
ficial. Fast but vague responses do not improve recovery.
Delayed but specific responses are better than immediate
generic statements in uncertain legal cases. However, in high-
consensus negative events, delayed response worsens both
sentiment and implied volatility [36]. Timing and speci-
ficity must therefore be modeled jointly. The best response
depends on whether facts are uncertain and whether the
endorser remains visible in current campaigns.

The ninth test evaluates product involvement. High-
involvement products, such as financial apps, health prod-
ucts, and performance equipment, show stronger spillover
for deceptive conduct and misinformation. Low-involvement
products show stronger spillover for discriminatory speech
only when the endorser appears in mass advertising. This
suggests that stakeholder concern is category-specific [37].
In high-involvement products, endorser credibility is tied
to trust. In low-involvement products, endorser identity and
cultural meaning matter more.

The tenth test examines investor base. Firms with higher
institutional ownership react more quickly, with less post-
event drift. Firms with lower analyst coverage show slower
adjustment and larger five-day reactions. Option-market re-
actions are strongest when option liquidity is high, but
the direction remains similar in lower-liquidity firms using
realized volatility. Investor sophistication affects the speed
of reaction more than the sign of reaction.

The eleventh test uses analyst text as an outcome [38].
High-exposure severe controversies increase analyst men-
tions of brand risk by 26.7%, campaign disruption by 18.4%,
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VIII IMPLICATIONS

and advertising efficiency by 11.2%. Analysts mention con-
tract termination costs primarily in high creative-dependence
cases. Analyst reports rarely discuss low-exposure influencer
controversies, even when social-media attention is high. This
validates the market result: professional investors care about
controversy when it is connected to brand economics.

The twelfth test analyzes advertising spend after con-
troversy. Firms with high-exposure controversies increase
category-adjusted advertising spend by 3.8% over the next
quarter, largely due to replacement campaigns and media
reallocation. The increase is 6.1% in apparel and cosmetics.
This supports the cost channel. A sponsor may suffer not
only demand softness but also additional expenditure to
rebuild or replace campaign assets.

The thirteenth test examines long-term brand sentiment.
For most events, brand contamination returns close to base-
line within twelve weeks. Legal allegation events with high
creative dependence persist longer. Deceptive commercial
conduct tied directly to the sponsor’s product also persists.
Political polarization decays quickly in aggregate but re-
mains segmented across consumer groups. The long-term
sentiment evidence indicates that most endorsement contro-
versies are transitory, but a subset leaves durable residue.

The fourteenth test studies campaign removal from public
digital assets. Brands that remove endorser material within
five days experience faster reduction in brand contamination
when exposure is high. Removal has little effect when
exposure is low, because stakeholders were not strongly
linking the brand to the endorser. Removal is less effective
when screenshots, user reposts, packaging, or retail displays
remain visible. Digital removability is therefore only part of
the creative-dependence problem.

The fifteenth test examines co-branded products. Co-
branded products have the largest and slowest spillovers. A
controversy involving a co-branded endorser reduces abnor-
mal returns by 1.62% on average for the sponsoring firm
and raises brand contamination by 0.96 standard deviations.
Product discontinuation announcements reduce sentiment
faster but increase analyst concern about inventory write-
downs. This is the clearest case where reputational and
operational costs interact [39].

The sixteenth test analyzes affiliate and influencer dis-
closure quality. Controversies involving creators with weak
prior sponsorship disclosure generate stronger stakeholder
backlash when the sponsor had promoted the creator’s
product claims [40]. This is especially true in cosmetics,
health products, and financial applications. Poor disclosure
makes the relationship appear less transparent and increases
perceptions that the firm benefited from ambiguous persua-
sion. Sponsorship governance therefore includes disclosure
discipline, not only endorser selection.

The seventeenth test uses alternative stakeholder sentiment
models. A general sentiment classifier produces similar but
noisier results. A controversy-specific classifier produces
stronger estimates because it distinguishes ordinary product
dissatisfaction from controversy-linked brand contamination.
The main findings remain when only posts explicitly naming
both the sponsor and endorser are used. That restricted
measure is conservative but produces the same category
ranking.

The eighteenth test examines international versus domes-
tic endorser controversies. Domestic controversies produce
larger immediate market reactions for U.S.-listed firms,
but international controversies produce significant reactions
when the brand has large exposure in the endorser’s home
market or when the campaign is global. Global campaigns
with uniform creative assets are more vulnerable than locally
segmented campaigns. Geographic segmentation can there-
fore limit spillover.

The nineteenth test assesses legal disclaimers in en-
dorsement contracts. Firms that disclose morality-clause
frameworks or endorsement-risk governance in prior filings
experience smaller implied-volatility increases after severe
controversies. The stock-return moderation is weaker. This
suggests that contract governance reduces uncertainty about
response options but does not fully prevent reputational
harm. Investors value evidence that the firm can act, but
consumers still react to the visible association.

The twentieth test evaluates repeated endorser controver-
sies within a firm. Firms with multiple controversy-linked
endorsers over a three-year period experience larger penalties
for later events [41]. The first event has a high-exposure
penalty of minus 0.67%, the second minus 0.98%, and the
third minus 1.31%. Repetition appears to change investor
interpretation from isolated endorser risk to weak sponsor-
ship governance. This repeated-event pattern is strongest in
influencer-heavy categories.

VIII. Implications

The findings indicate that endorsement risk is not reducible
to endorser fame or controversy severity. The crucial vari-
able is how the endorser is connected to the brand at
the moment of controversy. Recent visibility, high audience
overlap, strong symbolic fit, and creative dependence make
reputational separation difficult. These attributes are often
desirable when the campaign is launched. They increase
persuasion, recognition, and identity transfer. Yet they also
increase spillover when the endorser becomes controversial.
Endorsement value and endorsement risk arise from the same
architecture [42].
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IX CONCLUSION

For managers, the evidence suggests that endorsement
decisions should be evaluated as portfolio-risk decisions. A
firm that uses many low-dependence creators has different
exposure than a firm built around a few central ambassadors.
The latter may generate stronger brand meaning, but it also
requires deeper screening, contract flexibility, and replace-
ment planning. Screening should not focus only on past
legal problems. It should also consider audience polarization,
claim credibility, disclosure history, and fit with sensitive
product categories [43].

The findings also imply that response strategy should
be conditional [44]. There is no single superior response
[45]. High-consensus negative events with high exposure
require rapid campaign-status clarity. Politically polarized
events require more careful audience analysis because ter-
mination can become a second signal. Deceptive conduct
requires governance disclosure and claim-review correction.
High creative dependence requires replacement planning,
not merely distancing language. Low-exposure events may
be best handled with limited response because excessive
sponsor commentary can increase association.

For investor relations, endorser controversy is most impor-
tant when the endorser is tied to growth, product launch, or
category trust. Investors are less concerned with ordinary
celebrity noise than with campaign disruption, advertis-
ing replacement cost, consumer sentiment, and governance
weakness. A firm facing a severe high-exposure controversy
can reduce uncertainty by clarifying the campaign’s status,
contractual flexibility, expected replacement plan, and finan-
cial materiality [46]. Ambiguity tends to appear in option-
implied volatility even when stock returns are moderate.

For researchers, the evidence shows that reputation
spillovers can be measured through relationship architecture.
A binary sponsor indicator is too crude. It misses recency,
fit, dependence, and audience overlap. The same reasoning
applies to other reputational relationships, such as licensing,
co-branding, franchise partnerships, expert certification, and
creator commerce. Reputation transfer is not simply present
or absent. It has structure, intensity, and removability.

For public policy and platform governance, the results
highlight disclosure issues in influencer and affiliate market-
ing. Stakeholder backlash is stronger when prior disclosure
was weak and the controversy involves deceptive commercial
conduct. This suggests that transparent sponsorship labeling
can reduce later reputational confusion. Clear disclosure does
not prevent all harm, but it clarifies the relationship and
reduces perceptions that the sponsor benefited from hidden
persuasion.

The evidence also speaks to brand equity management. A
strong brand may absorb minor endorser noise, but it is not
fully protected from high-fit controversy. In some settings,

strong brand identity can increase disappointment when the
endorser’s conduct conflicts with the brand’s stated values.
Brand strength is therefore not a shield against all symbolic
asset failures. It is a resource whose protection requires
consistency between partners and positioning.

The study has limitations. Sponsorship contracts are not
always public, and some influencer arrangements are inten-
tionally opaque. Audience overlap is estimated from platform
data and may contain measurement error. Demand proxies
are available only for some product categories. Market reac-
tions are observed at the public parent level even when the
endorsement concerns a smaller brand. The estimates may
understate effects for private brands and overstate effects
for firms whose parent stock is dominated by unrelated
segments.

The design is observational. Firms select endorsers strate-
gically, and high-exposure campaigns may differ from low-
exposure campaigns in unobserved ways. Firm fixed effects,
event controls, placebo tests, and double machine learning
reduce but do not remove this concern. The results should
be interpreted as adjusted market and stakeholder reactions
to public endorser controversy exposure, not as randomized
causal effects of endorsement design.

Future research could extend the analysis with confidential
contract terms, creative-production budgets, product-level
sales, experimental stakeholder responses, and cross-country
endorsement norms. Another useful extension would exam-
ine insurance, morality clauses, and contract-option design as
mechanisms for managing endorser risk. A further extension
could study artificial influencers and virtual endorsers, where
firms may reduce human controversy risk while creating new
authenticity concerns.

IX. Conclusion

This study examined reputation and market reactions to
public controversies involving celebrity, athlete, expert, and
digital creator endorsers. The evidence shows that contro-
versy spillover is not determined by controversy severity
alone. Sponsoring firms experience the largest penalties
when the endorser was recent, visible, audience-matched,
symbolically aligned with the brand, and difficult to remove
from campaign assets. These elements form the sponsorship
exposure architecture that governs reputational transmission.

The market results show that high-exposure controver-
sies reduce abnormal returns, raise option-implied volatility,
increase trading volume, and affect analyst language. The
strongest penalties occur for legal allegations, discrimina-
tory or abusive speech, deceptive commercial conduct, and
health or safety misinformation. Political polarization has
more variable effects because audience reactions can offset
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each other. Professional-performance scandals matter mainly
when product claims depend on performance credibility.

Stakeholder outcomes help explain the financial reactions.
Brand contamination rises when consumers actively connect
the sponsor to the endorser controversy. Search behavior,
product-review text, social sentiment, and purchase proxies
show that the spillover can move beyond attention into
consumer behavior, especially in categories built on identity,
trust, or personal aspiration. The demand effects are usually
moderate, but they are measurable in high-exposure severe
cases.

Firm response matters, but not in a simple way. Specific
responses that clarify campaign status, replacement steps,
and endorsement governance shorten sentiment recovery
[47]. Termination is most useful when the controversy has
broad negative consensus. Pause-and-review is more useful
when facts are uncertain. Vague concern statements have lim-
ited value. Silence can work for low-exposure relationships
but is costly when the endorser remains visible in current
campaigns.

The paper’s central conclusion is that endorsement creates
a tradable symbolic asset with embedded downside risk. The
same design choices that make an endorser persuasive also
make the sponsor vulnerable when the endorser becomes
controversial. Reputation management therefore requires
measuring not only who the endorser is, but how deeply
the endorser is built into the brand’s meaning, audience,
and creative system. Future empirical work can extend this
approach to other human-asset relationships and to emerging
forms of creator-led commerce.
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